Abstract: Mass customisation (MC) is a business strategy that seeks to gain a competitive edge through enhancing product-centred offers with individualisation services. In its core process of customer co-design, toolkits enable customers to translate their needs into product specifications. The present study investigates how customer value is created within the co-design process. Data from 211 customers of a luxury shoe individualiser were retrieved and subsequently analysed using SEM-PLS. We find creative achievement and perceived fun to be significant components of co-design value. Both have significant impact on product perception. Product perception fully mediates the relationship between co-design value and the intention to purchase as well as the intention to recommend the MC offer to others. Furthermore, in contrast to previous works, our study suggests that creative achievement is the primary value component of co-design. We recommend further studies that take into account multiple customer segments or product categories as well as studies which depart from conceptualising MC as technology-based self-service, e.g., by including peer assistance and professional assistance.
Introduction
Since its introduction in the 1980s, mass customisation (MC) is tied to the idea of enhancing product-centred offers with individualisation services in order to gain a competitive edge (Kotler, 1989; Lele, 1986 ). MC has been described as a strategy which combines enhanced customer value through individualisation with the low costs of mass production (Fogliatto et al., 2012) . One core issue of MC is the efficient translation of individual customer needs into product and service designs . This activity is performed through integrating customers as designers. In the customer co-design process, MC providers systematically elicit information about customer needs and translate it into feasible product designs. In this vein, co-design is conceived as a dyadic relationship , sometimes putting MC offers into the realm of technology-based self-services (Dabholkar and Bagozzi, 2002) .
However, the customer's co-design experience is much more complex. Spectacular failures such as Levi Strauss's Original Spin and Mattel's My Design Barbie provide evidence for the difficulty of achieving this end (e.g., Salvador et al., 2009) . Scholars have attributed such failures to a lack of understanding about the value creation through customer interaction. In particular they "have questioned the merits of customization because it requires extensive customer participation" [Franke et al., (2009), p.103] . Merle et al. (2010) systematically investigated the principal value components of the MC experience that is created within the co-design process. They identify the dimensions of hedonic value and creative achievement value as characterising the MC experience. To date, scholars have neglected to investigate the interplay of customer value components. This knowledge is, however, valuable for the design of the customer interaction process in MC, as it helps to tune the customer interface to the needs of a particular customer segment. For instance, in multiple settings, differences in the level of expertise have been shown to impact the value that a customer can potentially obtain from using a toolkit (e.g., Franke and Piller, 2004; Goduscheit and Jørgensen, 2013) . Hence, the attractiveness of an MC offer to a particular customer segment is contingent on the fit between the customers targeted and the co-design environment. For this reason, the present study aims to shed additional light on the interplay and the impact of value components of co-design activities.
The following section briefly reviews the literature on customer co-design. Section 3 presents our research model and hypotheses. The fourth section lays out central issues of research design and methods. The fifth section presents the findings which are discussed in the subsequent Section 6. The paper ends with a conclusion and propositions for further research as well as for management practice.
Customer co-design
Customer co-design is a process in which business providers and customers collaborate to transform personal preferences into design specifications for individualised products (Piller et al., 2005) . It is the central activity of the customer-provider interaction in customisation services (Fogliatto et al., 2012) . Customer co-design represents a service process that requires a dedicated innovation environment (Franke et al., 2009) . Efficient systems for customer co-design are the linchpin of value creation -not only for customers, but also for MC providers (Berger and Piller, 2003) . Today, customer co-design is offered for many products and services using a multitude of customisation systems, e.g., in-store or online toolkits.
Value creation through individualisation and co-design
Recently, scholars have paid increasing attention to the question of how individualisation increases the value perceived by customers (Merle et al., 2010 (Merle et al., , 2008 Turner et al., 2012) . One prominently-researched mechanism is the achieving of a better 'preference fit' (Franke et al., 2009) , i.e., a better fit between individual preferences and the final product attributes. It is further expected that a better preference fit increases customers' willingness to pay a price premium . Empirical evidence further indicates that the co-design process itself can provide additional value to customers by stimulating creativity and fun (Ihl et al., 2006) . It is argued that a better understanding of the individualised product and the co-design process will enable providers to better adjust their individualisation offers and to increase profits (Merle et al., 2010) .
Online co-design with toolkits
The possibility to operate the co-design process online through toolkits has attracted significant interest in research and practice. It is generally regarded as a necessary prerequisite to enable effective interaction between the MC provider and the customer (Lee and Chang, 2011) . In general terms, "a toolkit is a design interface that enables trialand-error experimentation and gives simulated feedback on the outcome" [Franke and Piller, (2004), p.401] . Furthermore, "[m]ost [of the] existing MC toolkits are based on the underlying concept of an isolated, dyadic interaction process between the customer and the MC toolkit" [Franke et al., (2008), p.547] . In this sense, online toolkits become a selfservice technology (Dabholkar and Bagozzi, 2002) . They allow customers to explore and specify product attributes in a 'self-design' process . By defining the solution space, toolkits further ensure that the given production system is capable of operating any design that users may create (von Hippel, 2001) .
Despite its evident potential for efficient customer interaction, scholars have criticised toolkit-based online co-design in various aspects. One main aspect of criticism is the high level of decision complexity, which is particularly problematic for inexperienced customers (Dellaert and Dabholkar, 2009; Huffman and Kahn, 1998; Matzler et al., 2007) . In the face of the criticism, further knowledge about how toolkit-based online co-design contributes to customer value is needed. Thus, we ask: how is customer value created in online co-design? In the following section, we will establish a set of hypotheses to enable further investigation.
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Development of hypotheses
In line with the works of Merle et al., (2010 Merle et al., ( , 2008 our conceptual model considers the co-design process and the individualised product as origins of customer value, which ultimately impacts the behavioural intentions of customers (see Figure 1) . 
Product value and behavioural intention
Literature on product individualisation concordantly reports that the fit between certain features of an individualised product and the personal preferences of customers has a positive effect on the intention to buy (Fogliatto et al., 2012; Goduscheit and Jørgensen, 2013) . The construct of perceived preference fit is defined as "the customer's assessment of the extent to which the product's features correspond to her preference system" [Franke et al., (2010), p.126] . In particular experiments, such as those reported by empirical evidence for this relationship is provided by showing that preference fit in terms of aesthetics, functionality, and perceived uniqueness have a positive impact on willingness to pay. In addition, 'purchase intention' is a widely accepted proxy for customer behaviour , p.559; Lee and Lin, 2005] . However, users may also decide to recommend the MC offer to others. Positive word of mouth has become increasingly important with the advent of social networking sites (Tsai, 2013) . Therefore, we include word of mouth as a second dimension. Following this argument we state: H1 Perceived preference fit has a positive effect on behavioural intention, i.e., purchase intention and word of mouth.
Customers' perceived co-design value
Besides the actual individualised product, previous research shows that customers may draw substantial value from the co-design experience. According to Merle et al. (2008) , co-design activities carry two value components. Firstly, hedonic value, which "denotes the joy and entertainment derived from the experience" [Merle et al., (2010), p.505] , has been shown to motivate co-design activities in multiple studies (Fiore et al., 2004; Merle et al., 2010; Schreier, 2006) . Second, the experience of creative achievement captures the feeling of having created something unique and valuable (Franke et al., 2010; Schreier, 2006) . According to Schreier (2006) , the self-service nature of online co-design is essential for creating this intrinsic value component: "A user completes the entire design task in an autonomous and controllable way, with choice and discretion […] . Hence, by designing their own products, users are likely to experience strong feelings of pride" (p.325).
Customers' perceived co-design value and product value
It has been argued that customers attribute parts of the co-design experience to the individualised product (e.g., Franke and Piller, 2003) . In particular, the studies by Merle et al. (2008 Merle et al. ( , 2010 provide evidence of a positive impact of the co-design value on the value of the individualised product. However, it is unclear to what extent the components of fun and creative achievement in online co-design contribute to the preference fit of an individualised product. For further clarification we propose:
H2(a) Hedonic value has a positive effect on perceived preference fit.
H2(b)
Creative achievement value has a positive effect on perceived preference fit.
Customers' perceived co-design value and behavioural intention
As previously stated, the experience of co-designing can deliver substantial value to customers. However, contradicting results are reported about the existence of a direct impact of co-design value on behavioural intention. Although Merle et al. (2008) do not find a direct effect, Overby and Lee (2006) identify hedonic value as an important predictor for future intentions of customers. To further explore this effect, we propose:
H3(a) Hedonic value has a positive effect on behavioural intention.
H3(b)
Creative achievement value has a positive effect on behavioural intention.
Hedonic value and creative achievement value
Finally, it can be argued that the components of hedonism and creative achievement are interrelated. Franke and Piller (2004) note, "it is likely that users enjoy the design process […] the joy of performing an artistic and creative act" (p.413). In this vein, Matzler et al. (2011) state that if customers receive more freedom and autonomy to realise their own ideas, they may give their creativity free rein. As a consequence, they may perceive fun. To date, this relationship has not been subject to empirical assessment, hence, we hypothesise:
H4 Creative achievement value has a positive effect on hedonic value.
The final framework for analysis is displayed in Figure 2 . 
Research design and data collection
The present study is set up using a real-world online co-design process. The main interface for the study is provided by the MC company Selve AG (http://www.selve.net), which offers the individualisation of luxury shoes, mainly for women. Selve's online MC offer comprises two phases. In the first phase, customers choose from a large selection of different shoe types and shapes (e.g., 23 different heels). Subsequently they choose from more than 500 different colours and fabrics for the outside, inside and heel, plus accessories to create the aesthetic design. In the second phase, the physical size and shape of the shoe are fitted to the customer's feet. This individual fitting is performed either in Selve's physical shop or by trying sample shoes mailed to the customer. An online survey using the online service SoSci Survey (Leiner, 2013) was conducted to gather data on customer perceptions of the co-design process. To develop the survey, appropriate scales and items from the literature in the relevant research domains were selected. In order to assure high survey and data quality, the selected measures had to be published in peer-reviewed, ranked journals. Subsequently, English items were translated into German and two separate pre-tests (in total 258 datasets) were conducted to check the quality of translation. For each pre-test, a separate group of testers outside the research team was recruited and questions were adapted according to the feedback. The final set of constructs and questions are depicted in Appendix (Table A1 ). Answers were provided on a seven-point Likert scale ranging from 'totally disagree' to 'totally agree'. Upon finishing the co-design process by saving their current design, customers were guided to the online survey. Participants were offered two incentives. Every person who finished the survey received one personalised €15 reduction code valid for their next purchase at Selve. Further, from among all participants, there was a prize draw for two complete shoe designs with Selve.
During the runtime of the main study, of 412 requests for the online survey (including duplicates and requests from search engines), 214 customers completed the survey. Data preparation for analysis was performed through individual deletion of non-applicable datasets based on three criteria: datasets from test runs (via specific URL parameters), datasets with missing information, and inconsistent datasets (e.g., surveys which had been completed too quickly). A final sample of 211 fully answered surveys was analysed (see Table 1 for the socio-demographics) using SmartPLS (Ringle et al., 2005) . The ratio of 91.47% female respondents (8.53% male) corresponds very well with the current customer statistics as reported by Selve AG. 81.52% of the respondents are between 20 and 49 years old, which reflects the web-user population in general. In addition, the distribution of education level (72.04% hold a diploma or university degree) and of current occupation (48.34% are employed workers, 20.38% self-employed) seem to be a good representation of the actual population. In contrast to many surveys based on student samples, the current sample indicates increased external validity for similar MC offers. 
Measurement and validation of constructs 4.2.1 Measures
The dependent variable behavioural intention consists of the two components of intended purchase and intended recommendation. The behavioural intention to purchase was measured with the scale published by . The behavioural intention to recommend was measured by adapting the Net Promoter Score (Reichheld, 2003) , a frequently applied indicator of recommendation for online businesses (Keiningham et al., 2007) . The product-related value component of the individualisation offer was captured using the construct of perceived preference fit, measured using the scale proposed by . For the process-related value component, two previously published scales were adopted. The measures for hedonic value were adopted from Dellaert and Dabholkar (2009) . Creative achievement value was measured following Merle et al. (2010) .
Model validation
Due to the sample size and causal relations [Urbach and Ahlemann, (2010) , p.13], and since the research approach exhibits a rather exploratory character to identify relevant causal relationships, which have yet to be identified, the variance-based method of partial least squares (PLS) [Weiber and Mühlhaus, (2010) , p.66] was applied.
First, the PLS approach was used to validate the singular measurement models. Second, the validation of the structural model is performed (see Table 2 ). The present analysis exhibits a reflective measurement model (Chin, 1998) .
As proposed by Straub et al. (2004) and Lewis et al. (2005) , first the unidimensionality is assessed by applying an explorative factor analysis (EFA). A loading is considered high if the coefficient exceeds the threshold of 0.70 [Hair et al., (2013b), p.6] . On the construct level, all constructs meet this requirement. On the item level, one item (Hed. Value 03, FL 0.53) had to be dropped, which reduces the construct of hedonic value to three items.
To test internal consistency reliability, the criterion of composite reliability (CR) is commonly applied for PLS. Following Chin (1998) , CR is expected to overcome deficiencies of Cronbach's alpha. Our test indicates that all applied items exhibit the same range and meaning within one construct. The reported values exceed the minimum level of 0.7 and can, according to Urbach and Ahlemann (2010) , be considered reliable in terms of internal consistency. Further, all reported values for CR are beneath the 0.95 level, the threshold for a potential common method bias. Indicator reliability was assessed similarly (ibid., p.19).
Next, the convergent validity, which indicates "individual items reflecting a construct converge in comparison to items measuring different constructs" [Urbach and Ahlemann, (2010) , p.18] was assessed. As proposed by Fornell and Larcker (1981) , the average variance extracted (AVE) should exceed the value of 0.5, which is the case value for all applied constructs. Thus, sufficient convergent validity can be stated for all variables. To confirm that items "do not unintentionally measure something else" [Urbach and Ahlemann, (2010) , p.18], the square root of the variables' AVE as a discriminant validity value was tested (Fornell and Larcker, 1981 ) (see Table 3 ). Comparing the values on the diagonal with the values in the same column shows that the Fornell and Larcker (1981) criterion is fulfilled. Thus for all variables in the analysis, discriminant validity is given. Hence, all constructs of the reflective measurement model are viable according to the requirements of PLS.
Analysis and results
The assessment of the structural model follows Urbach and Ahlemann (2010) . First, the coefficient of determination R 2 was calculated for every endogenous variable (see Table 4 ). The values for R 2 range from 0.314 (hedonic value) to 0.537 (perceived preference fit). According to Chin (1998) , they are ranged average. The predictive relevance (Q 2 ) of each endogenous variable was assessed using blindfolding (Hair et al., 2013a) . If the value of Q 2 is positive (Q 2 > 0), predictive relevance for a particular construct is indicated. Higher Q 2 values indicate increasing predictive relevance (Fornell and Cha, 1994) .
All Q 2 values in our model are positive. Thus, the minimum requirements for predictive relevance are fulfilled for every construct. Furthermore, according to Hair et al. (2013a) , hedonic value and behavioural intention show medium effect sizes (0.15 < Q 2 < 0.35) and perceived preference fit shows a large effect size (0.35 < Q 2 ). The evaluation of the path coefficients was performed according to Urbach and Ahlemann (2010) . The significance and magnitude of the relationship are reported in terms of the path coefficient estimate β and t-value within Table 5 . According to Urbach and Ahlemann (2010) and Weiber and Mühlhaus (2010) , path coefficients should exceed 0.1. The reported values in Table 5 indicate that β-values exceed this threshold for all hypothesised effects except for H3a and H3b. To provide t-values, bootstrapping was applied for each path. If the t-value exceeds the threshold of 1.96 (2.59), the corresponding path coefficient can be considered as significant on the 95% (99%) confidence level (Ord, 1972;  Table 5 ). Hypotheses H1, H2a, H2b, and H4 can be considered significant on the 99% confidence level. Hypotheses H3a and H3b are not significant on the 95% level, and thus have to be rejected. Notes: β = path coefficient estimates; t = t-value (significance level *for t > 1.96 and p-value < 0.05 and **for t > 2.59 and p-value < 0.01); f 2 = effect size; q 2 = predictive relevance (Stone-Geisser criterion).
Further, Table 5 reports the effect size f 2 as well as the predictive relevance q 2 , also referred to as Stone-Geisser criterion (Hair et al., 2013a) . The thresholds for both indicators are similar to those for Q 2 : values between 0.02 and 0.15 indicate a small, between 0.15 and 0.35 a medium, and above 0.35 a large effect size/predictive relevance in the model (Stone, 1974; Hair et al., 2013a) .
Thus, a medium effect size and a medium predictive relevance can be stated for the path represented by H1 (perceived preference fit → behavioural intention). The path represented by H2a (hedonic value → perceived preference fit) shows a weak effect size and a medium predictive relevance. The creative achievement value on perceived preference fit path (H2b) shows a large effect size and a large predictive relevance.
Finally, the path represented by H4 (creative achievement → hedonic value) shows a large effect size and a medium predictive relevance. Hence, with the exception of H3a and H3b, the structural model can be considered valid and reliable.
Last, we performed all abovementioned tests and analyses on a gender-based subgroup level (female subgroup n = 193, male subgroup n = 18) in order to account for a possible gender bias. We conducted a multi group analysis using SmartPLS, which is the recommended procedure for investigating differences between subgroups in the dataset (Hair et al., 2013a) . As part of the multiple group analysis module, SmartPLS 3 performs a parametric t-test, the Welch-Satterthwait Test (a t-test for two samples which may have unequal variances), and a non-parametric t-test with no distribution assumptions [Henseler's MGA, see Henseler (2012) ]. We have compared all average variances extracted (AVE), composite reliabilities (CR), coefficients of determination (R 2 ), and path coefficients on the construct level as well as the outer loadings of all items based on these three tests for the two subgroups of female (n = 193) and male (n = 18) respondents (see Table A2 as part of Appendix). Based on the abovementioned tests, we can state that the investigated structural equation model is valid for both subgroups. Furthermore, predictive relevance is given for all three endogenous constructs in both subgroups. The analysis of path coefficients reveals that the results for the female subgroup are slightly better than the results for the male subgroup (see Table A2 ). This is to be expected, since the number of observations (n = 18) in the latter group is very low. Finally, the performed t-tests show no significant differences between female and male respondents, hence a gender bias can be rejected. Figure 3 reports the path coefficients β, the t-values and the significance levels for every hypothesised relationship (H1 to H4) of the structural model. In addition, the coefficient of determination (R 2 ) for each endogenous variable is depicted. Notes: Levels of significance: 99% = **(t > 2.59; p-value < 0.01); 95% = *(t > 1.96; p-value < 0.05); (ns) = not significant on the 95% level.
Discussion and conclusions
In response to the research question, i.e., how customer value is created in online co-design, a set of findings and implications can be summarised.
First, our data suggests that customers' perceived preference fit is a strong explanans for behavioural intention, i.e., the likelihood of prospects to actually purchase a custom product and to recommend the MC offer to others. It confirms previous work stating that even if co-designing is highly attractive and engaging, the success of an MC offer remains dependent on the perceived value of the individualised product (e.g., . Further, it confirms the importance of the firm's capability of solution space development as proposed by Salvador et al. (2009) . They argue that MC providers need to "identify the product attributes along which customer needs diverge" (p.73). Offering a solution space that focuses on such attributes enables customers to individualise according to the uniqueness of their needs. In consequence, the custom product reflects "utilitarian, uniqueness and self-expressiveness" value aspects [Merle et al., (2010) 
Second, in line with Merle et al. (2008) and Ihl et al. (2006) , our study delivers confirmative empirical evidence that the customer's perceived co-design value exposes an indirect effect on behavioural intention via perceived preference fit. The calculated structural model (Figure 3) shows that increased co-design value leads to higher product evaluations (H2a and H2b). Both investigated components, namely the feeling of having achieved something creative and having fun while doing so, are relevant for customers' evaluations of the co-created product. However, no significant direct effect of co-design value on behavioural intention (H3a and H3b) could be identified. While this finding is in line with previous findings of Merle et al. (2008) , it opposes the findings of Overby and Lee (2006) , who have identified hedonic value as an important predictor for behavioural intentions of customers. Based on our dataset, we can conclude that customers may conduct a rewarding online co-design process, but the purchasing decision seems to be decoupled from the co-design process. In this vein, Merle et al. (2010, p.503) state that "efficient customization is not sufficient per se".
Third, by comparison, the impact of hedonic value on perceived preference fit (H2a, medium effect) is lower than the impact of creative achievement value on perceived preference (H2b, large effect). This finding underlines the relevance of the "I designed it myself" effect (Franke et al., 2010) , which is closely related to the pride-of-authorship (Schreier, 2006) , for the present product category and sample. Hence, even though increasing perceived fun yields additional customer value, enabling creative achievement seems to be more relevant. Furthermore, it indicates that the investigated product individualisation offer is primarily perceived as an invitation to be innovative. This finding enriches existing knowledge, particularly because previous studies have identified perceived fun as a predominant value component of co-design (e.g., Dellaert and Dabholkar, 2009; Matzler et al., 2011) .
One aspect that may have contributed to the considerable differences in effect sizes is the chosen research design. Many previous studies, which investigate value components of customer co-design, were undertaken with methods that lend themselves to high internal validity at the expense of external validity. An example is the report by Matzler et al. (2011, p.239) based on "data from 264 undergraduate students enrolled in an advanced finance-economic class" who were surveyed about their experiences with the Dell laptop configurator. The studies of Dellaert and Dabholkar (2009) and Merle et al. (2010) are based on experimental data. Dellaert and Dabholkar (2009, p.51) note "[f] or realism and relevance, apparel retailing was selected as the context for the study". In this respect, Merle et al. (2010) draw on "two quantitative studies on the Nike ID program, first with 231 and then 567 students.
[…] Data were collected in a laboratory setting" (p.507). Taken together, the mentioned studies span a variety of product fields, one of them very close to the research context of our study. Although aimed at a particularly young customer segment, the Nike ID offer (Merle et al., 2010) shares many traits with our research context, i.e., the basic product, the relatively high price segment, and the strong focus on the two preference components of high wearing comfort and personalised look. Furthermore, there seems to be an overarching consensus among these studies, as they unanimously suggest the importance of the hedonic value component -per se and in comparison to creative achievement value. In contrast, our study suggests that creative achievement value is more important. We believe this difference is interesting and relevant. It is interesting because it leads to different managerial implications with respect to the design of online co-design experiences. Relevance is given because our finding is based on real customer data gathered in a real co-design situation. Hence, it represents actual customer behaviour in practice.
Fourth, we were able to identify a weak impact of creative achievement value on hedonic value (H4). We interpret this relation in the context of the investigated product category as the joy that customers feel by fulfilling a challenging design task. As briefly outlined in the methods section, the solution space provided by the investigated co-design offer is rather complex. Hence, creating a beautiful design is far from trivial. As a consequence, when a customer feels that -step by step -a beautiful design emerges, feelings of creativity and fun go hand in hand.
Finally, a set of limitations needs to be considered when evaluating our findings and proposing avenues for future research. Our study addresses the offer of a single MC provider, the company Selve. Selve's toolkit encompasses individualisation offers for both women and men. However, Selve's brand image is tied to luxury shoes for females which results in a substantially higher number of female customers. The retrieved sample is, therefore, representative of Selve's MC offer, but it does not properly represent the customisation clientele in general. However, the existence of a general customisation clientele seems questionable. The core value proposition of MC to customers is increased preference through accounting for individual differences. This approach implies that in order to be successful, an MC offer needs to be thoughtfully tailored to the value expectations of a chosen customer segment, which in turn implies specificity and low generalisability. With respect to our data sample, no gender bias was found. Still, due to the low number of male participants, we cannot draw many conclusions for male customers' co-design value. Additional studies are needed in order to further investigate potential gender-related differences in the co-design experience. In addition, investigating multiple customisation offers would make it possible to account for differences among product classes. However, comparable studies in online customisation suffer from similar limitations (e.g., Merle et al., 2008; Dellaert and Dabholkar, 2009; Ihl et al., 2006) . A notable exception is Franke et al. (2010) , who investigate T-shirts, scarves, and cell phone covers.
With respect to advancing the field, our study has added new knowledge on the interplay of customer value components in MC. We have shown the importance of creative achievement compared to hedonism with respect to customers' perceived preference fit and identified a positive effect of creative achievement value on hedonic value. These findings are generated using PLS, a variance-based analysis, primarily oriented towards theory development. For a more rigorous confirmation of causal relationships, future research should consider alternative methods such as LISREL.
To take our knowledge about the creation of customer value through co-design further, future studies may also include an analysis of the technological basis of co-design, namely the customisation system. Second, in line with previous works, we have investigated co-design as a dyadic process. However, few state of the art online MC offers also include direct professional consultation (e.g., http://www.landrover.de), such as via live chat, or peer design, e.g., by integrating social networks (e.g., http://www.vans.com). Both examples go beyond mere self-design approaches. The value of such multi-actor interactions remains subject to future studies. How likely are you to buy your self-designed shoe from Selve? (adopted from 0.88 0.78
How likely are you to recommend shoes from Selve to others? (adopted from Reichheld, 2003) 0.91 0.83 Notes: FL: standardised factor loading; IR: indicator reliability; CR: composite reliability; and AVE: average variance extracted. All reported values exceed the most restrictive minimum value of 0.5 (Fornell and Larcker, 1981) . All of the reported values are significant at the 99% or at the 95% confidence level, calculated using the resampling method of bootstrapping. The applied settings are according to Hair et al. (2013a) : cases = 205; samples = 5,000. Thus, it can be stated that all indicators are reliable. 
